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1 3ArAJllbHI NOJIOXEHHA

Onuc Kypcy. MawwnHHe HaB4YaHHSA y Kibepbesneui — Le BUBIpKOBMIA KypC MigroTOBKK
CTyOeHTiB y cdepi iHopmauinHuX TexHonorin. MpoXomKeHHS LbOoro Kypcy [O03BOMsie
CTydeHTaM onaHyBatTm i nNpodecCinHO BUKOPUCTOBYBATU TEPMIHOMOr0 MaLUMHHOIO
HaB4YaHHs (Machine learning, ML), po3ymiTu i nosicHioBaTu pi3Hi siBuwa i npouecun y cdepi
Kibepbesnekn, po3pobnioBaTtn nporpamHe 3abesneveHHs (M3) ansa BupieHHA npobnem y
cchepi kibepbeanekn.

Y KypcCi po3rnsgalTbCs OCHOBHI 3ajadi kibepbeanekn, ski po3B’A3ylOTbCA 3
BMKOPUCTAHHAM METOAIB MAaLUMHHOIO HaBYaHHA, Hanpuknag: inbTpaudia cnamy 3a
A0NoMOror meToaiB knacudikadii Ta metoais o6pobkm npmpogHoi moeu (NLP); BusiBneHHs
aHomarnin 3a daHuMuM MepexeBoro Tpadpiky Ha OCHOBI MeTodiB HEKOHTPOSIbOBaHOro
MaLUMHHOIO HaBYaHHS; BUABNEHHS 3N0BMUCHOrO 13 3a JONOMOrol LUTYYHUX HENPOHHUX
mMepex Convolutional Neural Networks Ta iH.

OucumnniHa € BMBIPKOBOK ANA BUBYEHHS GakanaBpamMu 3 KOMMIOTEPHUX Hayk,
OCKiSTbKM CTBOPKOE A00AaTKOBY OCHOBY Af11 BMBYEHHS METOAiB MALUMHHOIMO HaBYaHHSA Ta
pO3pobKK NporpamMHoro 3abesneyeHHs y cdepi kibepbesneku.

Bumoru:

— HagaBHICTb 6a30BMX 3HaHb 3 Kibepbesneku, BULWOI MaTeMaTUKX, YUCENbHUX
MeToaiB, AOCNIAKEHHSA onepauin, Teopii AMOBIPHOCTEN Ta MaTeMaTU4YHOI CTaTUCTUKK, 3
OCHOB LUTYYHOrO iHTENEKTY;;

—  HaBW4KM NporpamyBaHHs, Hanpuknag mosammn Python abo Java;

— HagBHICTb KOpropaTMBHOro o6GnikoBoro 3anucy @mipolytech.education,
Microsoft Teams, Word, Excel;

—  HagBHiCTb ocobuctoro noriHy Ta naponto B Moodle (ons oTpumaHHa abo
MOHOBIIEHHSA Cnif 3BEPHYTUCA [0 BiAnoBiAansHOI ocobn Ha dakynbTeTi).

MporpamHi pe3ynbTaT HaB4YaHHA:

— 3HaTW Ta BUKOPUCTOBYBATU MEeTOAU OBYMCNIOBaNbHOMO iHTENEKTY, MaLUMHHOMO
HaBYaHHS, HeupoMepexeBi TexXHOMorii Ana po3B’A3aHHA 3adad  po3mni3HaBaHHSA,
NPOrHO3yBaHHS, Krnacudikauii, ineHTugikauii pisHmx kibepsarpos;

— MOSAACHIOBATM KOHUenNuito iHdopmauinHoi 6e3nekn, npuHUMnM Ge3neyHoro
NPOEKTYBAHHSA NPOrpamMHoro 3abesneyeHHs;

— 3acTocoByBaTM MeTOAM MALUMHHOIO HaBYaHHA Yy 3ajadax Knacudpikauir,
NMPOrHO3yBaHHSA, KMacTepHOro aHanisy kibepsarpo3 3 BUKOPUCTAHHSAM TEXHOSOTrin
DataMining Ta meTogis 06pobkn npupogHoi mosu (NLP);

— [OEMOHCTpyBaTM HaBWYKM aHanidy pesynbTaTiB BUKOPUCTAHHA MeEToiB
MaLUMHHOIO HaBYaHHS, @ TakoX BMiHHSA 0bMpaTy ehekTUBHI MeTOAM ANS PO3B’s3aHHS 3a4au
Kibepbe3neku;

—  BUKOPUCTOBYBATK HaBWUYKN po3pobkun M3 Ons CTBOPEHHS NPOrpamHUX CUCTEM
ANs BupieHHs npobnem y cdepi kibepbeaneku;

— BMITM CaMOCTIHO npautoBaTh, OEMOHCTPyBaTU KPUTUYHE, KpeaTuBHE,
CaMOKPUTUYHE MUCTIEHHS.

OpraHi3audis Kypcy, chopmMu Ta MeToau HaBYaHHSA.

— OcsiTHIN Npouec byayeTbca Ak KOMBiHALS NEKUi Ta CaMOCTIMHOIO BUBYEHHS
HaBYanbHOro maTtepiany Ha nnatgopmi Moodle — 3 ogHoro 60Ky, Ta NPakTUYHUX 3aHATb 3
BiANpaLuoBaHHA aHan TMYHO-PO3PaxXYHKOBUX HABUYOK — 3 iHLLOTO.

- BigBioyBaHHA NeKUiNHMX 3aHATb € GakaHuM, ogHak He 06O0B’SA3KOBWUM; BiA
CTYOEHTIB OYIKyETbLCA O3HaMOMIEHHS 3 MartepianioMm nepepq Jekuie, Wo OO03BOSIUTb
nobyoyBaTn neKkuilHe 3aHATTS Yy BWUMNA4I  CNONYYEHHS MOSICHEHb BUKNagada Ta
06roBopeHHs1 NPOBGNEMHNX NUTaHb, SIKi BUHUKW NpKY NiAroTOBLi 40 NeKLili.

- MpakTn4Hi 3aHATTS nependayatoTb aHasni3 YMOBHO 3MOAENbOBAHNX CUTYaUin



Ta PO3B’si3aHHA 3a4au pisHUX piBHIB, po30ip peanbHNX KEWCiB 3a MaTepianamu BigKpUTOro
AOCTyny; iX BiABiAyBaHHA € BaxxaHuM.

- Big ctyneHTa notpebyeTbca BUKOHATW iHOUBIAYaNbHI 3aBOaHHA Ta MOAYIIbHI
KOHTPOMbHI poBOTN Y TEPMiHW, BCTAHOBNEHI y po3aini «Po3noain 6anis 3a KOHTPONbHUMM
TOYKamu Ta rpadik IX BAKOHAHHS».

- 3 ypaxyBaHHAM MOTOYHOI CMUTyauii Big YyYacHUKIB OCBITHLOIMO Mpouecy
OYIKYETbCS BMKOHAHHA BMMOr ©e3nekn npw curHani «[osiTpsHa TpuBoOra», CaHKUii 3a
3anveHHs 3aHATTA abo HesIBKY Ha 3aHATTS He 3aCTOCOBYIOTLCS.

- OdiyitHnMM KaHanamn 3B’A3Ky € enekKTpoHHa nowTta Ta MS Teams 3
BMKOpUCTaHHAM obnikoBoro 3anucy @mipolytech.education;

- OnuioHanbHO JOCTYMHI iIHAMBIQYanbHiI Ta rpynoBi KOHCyNbTaLil. 3 BUKNagayem
MOXHa 3B’si3aTUCA Yepe3 enekTPOoHHY nowTy, B YaTti abo B nepcoHarnbHin poamoBi B MS
Teams.

MoBa ocBiTHLOro npouecy: ykpaiHCbKa, aHrfincbka (OKpemi pxepena nitepatypu,
drakTonoriyHa Ta iHwa iHpopmadis).



2 HABYAIJIbHA NMPOIrPAMA

3micmoeutli modynb 1. OCHOBHi acneKmu euKOpUCMaHHSI MauwuHHO20
Hae4aHHs y Kibepbesneuyi

Tema 1. 3acTocyBaHHA WTYYHOro iHTENIEKTY Ta MALUMHHOIO HaB4YaHHA Yy
Kibepb6e3neui

OcHoBHi BigomocTi npo kibepbe3neky Ta 0cCObGMMBOCTI CyyacHMX Kibepsarpos.
Esontouisa LI ana kibepbeanekn. Bnnue reHepatmeHoro LI Ha kiGep6eaneky. IHCTpyMeHTH
Kibepbe3nekn Ha 6asi LLI. Cy4acHi piweHHs ons kibepbesnekn Ha 6asi LLI.

Knacudikauia mMalnHHOro HaBYaHHA Ta OCHOBHI 3agadi ML Po3B’asaHHa 3apad
NPOrHO3yBaHHs, (POPMyBaHHA acouiaTUBHMX npaBuil Ta iH. y cdepi kibepbeanekn.
KUTTEBMI LUMKN MaLIMHHOIO HaB4YaHHA Ta icTopis BukopuctaHHa ML. Kibepbesneka 13 3
ML.

Tema 2. MeToam KOHTPONIbLOBAHOIroO HaBYaHHA AN 3aaad Kibepbesneku.

BukopuctaHHsa meTofiB KOHTpOSibOBaHOro Has4daHHA (Supervised Learning) ans
3agady  kibepbesnekn. 3aranbHUM onuc MeToAiB Knacudikauii, perpecii ons 3agad
Kibepbesnekn. [epesa piweHb (Decision tree) onsa 3agay kibepbesnekun. Perpecis, Tunu
perpecii. Anroputm K-Nearest Neighbors ons 3agaud kibepbeanekn. Po3B’sizaHHs 3agadi
dinbTpauii cnamy 3a gonomoroto HaiBHoro baneciBcbkoro knacudikatopy (Naive Bayes);
paHooMHi gepea (Random Forest Classifier); k -Hanbnwxkumx cycigis (K-Neighbors
Classifier); mawunH onopHux BekTopis (Support Vector Machines).

Tema 3. Metoamn o6po6kn npupoaHoi moeu (NLP) ansa 3apay kibepobeanekn.

OCHOBHI KOMMOHEHTM Ta 3agadi 06pobkn npmpoaHoi moeu (NLP). Metoan ob6pobku
npupogHoi moBun (NLP) ana 3apgad «kibepbesnekun. NLP gns nocuneHHs mopenen
Kibep6esanekn. Tunu anroputmie NLP, Harkpawi ons 3agad kibepbesneku. IHKMHIPUHT 03HaK
y NLP.

3micmoeuti Modysnb 2. Memodu HEKOHMPO/IbOBaHO20 HaBYaHHsI ma a2nuboke
Hae4YaHHsI

Tema 4. MeToan HEKOHTPONBLOBAHOIrO HaBYaHHA ANs 3aA4ad Kibepbesneku

BuasneHHa aHomanin 3 BUMKOPUCTAHHAM METOAIB  MALUMHHOIMO  HaBYaHHS
Unsupervised Learning. MeToanM HEKOHTPONbOBAHOrO MAaLLUMHHOIO HaBYaHHA AN
BUpiWeHHA npobrem kibepbesnekn. Metoam knactepusadii y kibepbeaneui. Metoau
KnacTepHOro aHanisy: iepapxiyHi Ta guemsanMHi. Anroputm k-means ta noro BUKOPUCTAHHSA
B kibepbesneui. DBSCAN, Mean-shift Ta iHWi MeToAM HEKOHTPOSIbOBAHOIO HaBYaHHS.
MeToan MaWMHHOrO HaBYaHHA ANl BUSIBNEHHS 3nM0BMUCHOrO [M13.

Tema 5. BusaBneHHs anoBMmucHoro N3 Ha OCHOBI rMUOOKOro HaBYaHHSA

MeTtoan BusBneHHs 3noBmucHoro [13. [llpuknagn cuctem Ans  BUSIBMIEHHS
anoBmucHoro [13. BuKOpPUCTaHHA HEWPOHHUX Mepex Yy 3agadax Kibepbesneku.
BukopuctaHHa 3ropTkoBux HeMpoHHUX Mepex (Convolutional Neural Networks) ans 3agad
Kibepbeanekn. Cuctemm 6e3nekn mepexi. Tunu piweHb MepexeBoi 6e3nekn. TexHonoril
3axXUCTy MepexeBol iHpacTpykTypu. bpaHgmayep, WOro yHKUil, TeHAEHLUil 3MiH.
TeHnaeHuil mepexeBoi 6esneku.



3 OBCHAr | CTPYKTYPA oucuUuUnmniHu

Ne KinbkKicTb rogunH
3/ | HasBu 3mictoBux moayniBi tem | Ycbor B T.u.
n o n [n()|na6| CPC
3mictoBun moaynb 1 OCHOBHI acnekTu BUKOPUCTaHHA MAalIMHHONO HaBYaHHA Yy
Kibepb6e3neui
1. | 3acTtocyBaHHS LUTYYHOrO iHTENEeKTY
Ta  MalUMHHOTO  HaBYaHHA Y 8 2 12
Kibepbesneui
2. | MeToam KOHTPONbOBAHOrO HABYaHHSA
: 8 8 12
Ans 3agad kibepbesneku
3. | MeTtogn 06pobkn npupoaHOi MOBM 6 8 18

(NLP) ansa 3agau kibepbeanekm

3mictoBun mMoaynb 2 MeToAM HEKOHTPOSIbOBAHOro HaB4YaHHA Ta rnuMboke

HaB4YaHHA

4. | Metoaun HEKOHTPOJSIbOBAHOIrO 6 3 18
HaBYaHHS Ansa 3agad Kibepbesneku

5. | BusBneHHa 3noBmucHoro [13 Ha 3 10 18
OCHOBI rMMBOKOro HaB4YaHHSA

Bcboro 3a cemectp 150 36 36 78




4 niAxoau Ao OuIHIOBAHHA

4.1 Po3noain 6aniB 3a KOHTPONIbHUMM TOYKaMM Ta rpaddik iXx BUKOHaHHSA

TIRKHI 18

112 3 |4|5/6 |7 8| 9| 10| 11| 12| 13| 14| 15| 16| 17 Bcboro
Buan
KOHTP.
TOYOK

Po6ota Ha
NPaKTUYHNX 15 15 30
3aHATTAX

3axuct

IHvBiny- 15 15 30
alnbHUX

3aBiaHb

MoaynbHi
KOHTPOMbHi 20 40
po6otun

Bcboro | 100

4.2 3MicT Ta BUMOru A0 KOHTPOJSIbHUX TOYOK

HasBa .
.. | ONUC KOHTPONbHOI TOYKU, NOPAAOK Ti MPOXOAKEHHSA Ta OTPUMaHHA
KOHTPOJbHOI .
6anis

TOYKMN
Pob6oTa Ha OuiHka 3a poboTy Ha npakTU4HOMY (CEMiHAPCbKOMY) 3aHATTI
NPaKTUYHUX OrosowWyeTbCA HAMPUKIHLI 3aHATTS | MOXe ByTK ockapxeHa ogpasy X.
3aHATTSX Max 15 6anis:

- CTYAEHT Nifg Yac npes3eHTauii / 3axXxucTy CBOro iHauBiayanbHOro
3aBAaHHS Ta KOHTPOSIbHOT pobOTH y BUINSAi ece 4EMOHCTPYE BOMNOLIHHSA
TEPMIHOMOMYHMM  anapaTtoM, MeTodaMM  MaLUMHHOIO  HaBYaHHSA,
NPOEKTYBaHHA Ta po3pobku 13, BignoBigae Ha 3anuTaHHs, 30aTHUNA
LWBMAKO aganTyBaTu Mogeni, metoau nig 3MiHM B ymoBax 3agaudi (10
bann);

— CTygeHT faB npaAMy i peneBaHTHY BiAMOBigb Ha NOCTaBfeHe
NUTaHHSA 3 BUKOPUCTAHHSM OBI'PYHTOBAHOrO NOCUITaHHSA Ha TEOPETUYHUIA
mMaTtepian  OEMOHCTPYE BOSOAIHHSA  TEPMIHOMOMYHUM  anapaTom,
MeToAamMm NPOeEKTyBaHHA 13 Ta MeToAiB MaLLMHHOIO HaBYaHHS, 30aTHUN
aganTtyBaTtu mofeni nig 3MiHW 3aBOaHH4A, Yy T.4. Y BUMAAI 4O0ATKOBUX
3anutaHb / 3mir ctucno ¢opmanisyBatu BepbanbHO CYTHICTb 3agadi
Kibepbe3nekn, BU3HAYMUTWU KIIOYOBI CKNAAOBi BUMKOHAHHS MNPAaKTUYHOI
poboTH, KpUTEpIl SKOCTI OTpMMaHux pesynbTartie (5 6ann).

BrkoHaHHS MigrotoBneHe ece y surngagi danny *docx, abo *pdf poamiwyeTtbes y
Ta 3axucT BignosigHOMy po3agini ancuunniim B Moodle i nepeBipsaeTbCs NPOTArom
iHOMBIQyanbH | TWXKHA Nicns 3aBeplueHHst TepMiHy nofadi. OCKapXXeHHSA OLHKM MOXe
Oro 3aBAaHHs | OyTu 34iNCHEHE HA OCTAaHHBOMY NPAaKTUYHOMY 3aHATTI MOOYNS.

Max 15 6anis:

— CTyAeHT nigroTyeaB poboTy BIigNOBIAHO [O MNOCTaBEHOrO
3aBOaHHs, B SAKil: NpaBUNbHO BM3HA4YMB 3agady, MeToam, siki HeobxigHo
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HasBa
KOHTPOJbHOI
TOYKMN

Onuc KOHTPONbHOI TOYKU, NOPAAOK ii NPOXOMAKEHHS Ta OTPMMaHHS
6anis

3actocyBatm Ans 1 po3B’si3aHHs, OBrpyHTyBaB CBOE 6HayeHHs
TEOpeTUYHMMKN  KOHUenuigmn abo moaensmMmu, BUKOHAB HeoOXigHy
po3pobky 3, HagaB pesynbTatn poboTtu M3 Ta npos.iB ix aHani3 y pasi
noTpedu, npencraBuB BUCHOBOK abo BracHe 6GadeHHs po3B’A3aHHSA
3a4avi i OKpecrnvB MOXMMBI NEPCNEeKTUBM BUKOPUCTAHHS OTPUMAaHUX
pesynbTaTiB, 0OMEXEHICTb OTPUMAHOIO pPilLiEHHSs!, HaBiB 3a HEOOXIAHOCTI
OGr'pYHTYBaHHS BUKOPUCTAHHS iHWIMX MeToAiB; poboTa CTpyKTypoBaHa,
BUKNageHa Ainosum, HaykoBuM abo ginosum ctunem (10 6anis);

— poboTa MICTUTb KOMMMEKCHY, FOriYHy i opuriHanbHy Npono3nLito
OO0 BUMKOPUCTAHHA MeTOAiB pPO3B’A3aHHA 3adadi iHAMBigyanbHOro
3aBAaHHs ax 4O MiKAUCUMNITIHAPHOIo Niaxoay; BUKOPUCTaAHHS LUTYYHOro
iHTenekty (W) He 3abopoHAETLCA, OCKINbKM NpPOno3unuil  BiAOMUX
3actocyHkiB LI cyTTeBO 3anexaTb Bi4 OOMIpKOBaHOI MOCTaHOBKMU
NUTaHHS | YTOYHIOKYMX NUTAHb; OAHAK Y pasi, AKLWOo BigNOBiab, OTpMaHa
3 BuKopuctaHHam LI, He € komnnekcHoto abo He BignoBigae 3a CTUNEM i
BUKMAaAEHMMM NO3UUIAMKU  IHWKMM 4YacTuHaMm poboTn abo 3aBOaHHS,
MICTUTb OMEBUAHO HENpaBaMBY iHPOpMaLito, TO OLiHKa 3a LM KpUTEPIEM
3HWXKYyeTbCA (5 Banis)

MopaynbHi MKP BukOHylOTbCA K ece Yy Burnggi dawnny *docx, abo *pdf
KOHTPOSbHI po3MilyeTbCa Yy BignosigHoMy po3gini  gucumnniHin B Moodle i
po6oTun nepeBipSAETLCA MPOTATOM TUXHA NICIS 3aBEPLUEHHS TepMiHY nogadi

KinbkicTb cnpob He obmexyeTbca. KoxxHa MogynbHa KOHTpoSibHa poboTa
BKNtovae 6ok 3aBgaHb 3 matepiany moagynda (max 20 6anis). 3aBoaHHs
nepegbadvaoTe 06rpyHTYBaHHA BMOOPY METOAIB MALUMHHOIMO HaBYaHHS
ANs pO3B’A3aHHSA KOHKPETHOI 3agadi kibepbesnekn, po3pobky 13 arigHo
3aBOaHHs, BIONoOBidi Ha TeOpeTU4YHi nuTaHHa 3 Tem moayns. [pwu
ouiHtoBaHHi MKP  BpaxoByeTbCcs  norika Ta  OBGrpyHTOBaHICTb
npeacTaBneHoro matepiany — 3HaHHA Ta BMGIp MeTodiB MalUMHHOIO
HaBYaHHA ONA pO3B’A3aHHA 3agay kibepbesnekn, aHania oTpuMaHumx
pesynbTaTiB Ta NPaBUSTbHICTb (POPMYBaHHS BUCHOBKIB.

[onaTkoBi 3ayBaXKeHHS:

— CTYOEHT MOXe OCKapXWUTW OTpUMMaHi OuiHKM B MOpsiaKy, nependayvyeHomy
MonoxeHHsAM Npo opraHisauito ocBiTHLOro npouecy (HopmaTtueHi gokymeHTu : Polytechnic
(metinvest.university))ta [lonoXeHHAM nNpo NOMITUKY Ta Mpouesypyu BperynioBaHHS
KOHGNIKTHMX cuTyauin (AkagemidHi nonituku : Polytechnic (metinvest.university))

— OUjiHKK, OTPMMaHi 3a poBOTY Ha NPAKTUYHUX 3aHATTAX HE MOXYTb ByTu BignpaLboBaHi
abo nokpatleHi, oKpiM npoLeaypy OCKapXXeHHs, OLiHKM 3a iHLWi BUAW MNOTOYHOrO KOHTPOSO
MOXYTb OYTW NOKpaLLEHi 3a iHOUBIAyanbHOK AOMOBJIEHICTIO 3 BUKNagayeMm;

— BUKMagay He Mae npaBa 3HWXYBATW OLIHKY 3a iHAvBigyanbHe 3aBgaHHs abo
MOAYINbHY KOHTPOSbHY pOBOTY, SKLIO BOHM He Bynu cknageHi B4acHO, 0OgHaK B pasi, AKLWO
Taka poboTa Oyna ouiHeHa ni3Hiwe, HiXXK MOMEHT 3aBepLUEHHSI TEOPETUYHOIO HaBYaHHSA Y
CEeMeCTpi, TO Bi4nNoBiAHa OLUiIHKa He BPaxOBYETbCS Y PEUTUHIY 3006yBayiB OCBITH.



https://metinvest.university/page/1171
https://metinvest.university/page/1171
https://metinvest.university/page/1201
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4.3 dopma niacymkoBoro KoHTpontwo. [lopagaok  BU3HaA4YeHHSA
NiACYMKOBOI OLliHKM

dopma 3anik, To6To NiaCcyMKOBa OLiHKa BCTABMSAETLCA SIK CyMa OLiHOK
NigCyMKOBOI | MOTOYHOrO KOHTPOSIO 6e3 NpoBeAEeHHST 4OAATKOBUX KOHTPOSbHUX

O KOHTPOI | 3axoai.,

YmoBu AKLL0 cymMa OLiHOK 3a MOTOYHUIW KOHTPOSIb 38 CEMECTP CTaHOBUTb
aonycky oo | meHwe 60 6anis, HeoOXiaHO BignpauBaTh Bi4NOBIAHI BUAW KOHTPOSHO
NiACYMKOBOI | NOTOYHOI YCNILWHOCTI JO 3BEPLUEHHS TEOPETUYHOIO HaBYaHHSA

O KOHTPOIO

Mopsaok [nsa BapiaHTy 3aniky:

BM3HAYeHHSA — SIKLLO NPOTHAroM CEMEeCTpPY 3a pe3ynbTaTamMu NOTOYHOIo KOHTPOSO

nigcymkoBoi | 3400yBay ocBiTU Habpas MeHwe 60 Ganis, To Mig Yac ek3ameHauiiHOl

OLiHKM cepi'l' Vlomy HaJaeTbCcsa 3mMora mpmmam/qomammm Bﬂ.aCHVII7I pesynbTar 3
YCiX BMAIB MOTOYHOrO KOHTPOSO, KPiM aKTUMBHOCTI Ha HaBYanbHUX
3aHATTAX;

— B pasi, SKWO NPOTAroM CeMecTpy 3a pesynbTatamu MOTOYHOro
KOHTpOso abo B npoueci NokpalleHHs1 BnacHUX pesynbTaTiB 3406yBav
ocBiTU HabpaB Ginbwe 60 6anis, NOMy BUCTABMSETLCA PakTUYHA cymMa
OaniB i oUiHKa «3aniky, B iHLLOMY BUNAaAKy — «He3anik».

BignosigHiCTb MiXK NPUMHATMMW B YHIBEPCUTETI LLKaNIaMun OLIHKM HaBeJeHa B Tabnuui.

banbHa - TpaguuinHi Wwkanm
PiBHi Xapakrtepucrtumka -
LKana Icnut 3anik

CTyoeHT [OeMOHCTpye BuOATHUA piBEHb [OCATHEHHS
3annaHoBaHMX pesynbTaTiB  BUBYEHHA  HaBYarbHOI
90-100 A AVCUMNIIiHK, WO 3acBigvyoTb NOro 6e3yMOBHY roTOBHICTb | BigmiHHO
OO0 noganbloro HaB4YaHHsA Ta/abo  npodecinHoi
JisNbHOCTI 3a haxom

CTyOeHT BUSIBNSE BULLMIA 3a CepeaHii piBeHb JOCATHEHHS
3annaHoBaHMX  pe3ynbTaTiB  BUBYEHHHA  HaBYarbHOI
82-89 B AuCuMnniHM Ta rOTOBHOCTI A0 NoAarnblIoro HaB4YaHHSA
Ta/abo npodecinHoi AianbHOCTI 3a ¢axom, B MNOro
3HaHHAX abo AisX NPUCYTHI HE3HAYHI NOMWIIKK [lo6pe
CTyoeHT BUSBMSE cepefHin  piBeHb  OOCATHEHHs P
3annaHoBaHMX pesynbTaTiB  BUBYEHHA  HaBYarbHOI 3anik
75-81 C OVCUMMNIHM Ta TOTOBHOCTI A0 NoAanblUOro HaB4YaHHS
Ta/abo npodecinHoi AaianbHocTi 3a daxom, B MNOro
3HaHHAX abo AisX NPUCYTHI AesKi 3HaYYyLLi NOMUIIKK
CTyOoeHT BUSBNSE 3af0BifbHUA piBeHb [OOCATHEHHS
3annaHoBaHMX pesynbTaTiB  BUBYEHHHA  HaBYarbHOI
67-74 D ONCUMMNIHKW Ta TOTOBHOCTI A0 NoAanblUOro HaB4YaHHS
Ta/abo npodecinHoi fisnbHOCTI 3a haxom, B Koro | 3a4oBinb
3HaHHAX abo Aisx HasiBHI CyTTEBI NOMMUIIKM HO
HasBHi MiHiManbHO AocTaTHI ANa NoganbLlloro HaB4YaHHs
60-66 E Ta/abo npodpecinHOi AiSnbHOCTI 3a haxoM pesynbTaTtu
BUBYEHHS1 HABYaNbHOI AMCUUNITIHN

Huska 3annaHoBaHWX pe3ynbTaTiB  HaBYaHHS  He
JocsArHyTi. PiBeHb HasgBHUX pesynbTaTiB HaBYaHHA €
HegocTaTHIM AN noAanblIoro  HaB4yaHHA  Ta/abo
nNpodecinHoi AisnNbHOCTI 3a haxom

0-34 F Pe3ynbTatv HaB4YaHHSA BigCyTHi ab0 KPUTUYHO HU3bKI

35-59 FX Hes3apgos.i

JNMbHO

Hesanik




4.4 Ocobnusi nigxoan A0 BU3HAHHA pe3ynbTaTiB HaBYaHHA

— Y pasi, akwo 3g06yBad ocBiTM 0OpaB L AUCUMNIIHY SK OUCUMMAIHY BiflbHOMO
BNOOPY, HE 3BaXXatoun Ha TOM akT, UM BMBYANacs BOHa paHille, OLUiHKa Ta KpeanTu 3 uiei
ANCUMNNAIHM He Nepe3apaxoByOTbCS;

— Y pasi, sakwo 306yBad OCBIiTM XOTiB GM CaMOCTIHO BMBYMATM MEBHi Kypcwu 3
npobrnemaTrkn eKkoHoMIYHOT Teopii (Hanpuknaa, Coursera, Udemy abo iHWnx nnatdopm, B
T.4. NNaTtdopM BIOKPUTUX KYPCiB BITYM3HSAHMX Ta/abo 3akOpAOHHWUX YHiBepcuTeTiB), TO 1)
[AOLINbHO 3BEPHYTUCS [0 CNUCKY peKkoMeHOoBaHMX BebpecypciB abo NpOKOHCYNbTyBaTUCH
3 BUKNaga4yeM Ha npegmeT peneBaHTHOCTI CaMOCIMTHO 3HaWOeHOro OCBITHbOrO pecypcy
nporpami ANCuUMnniHK; 2) y pasi ycnilHOCTI OnaHyBaHHS TaKoro Kypcy, ke NiaTBepaKy€eTbCs
ceptudikatom abo iHwMM cnocobom, Takomy 3g00yBady y MOpPsiAKY, BM3HAYEHOMY
lMonoxeHHsaM npo BU3HaHHS pe3ynbTaTis HaBYaHHA, HabyTnx y
HedopManbHin/iHopManbHii ~ OCBITI HopmaTuBHi _ OOKYMEHTU : Polytechnic
(metinvest.university), Taki pe3ynbTaTtv MOXyTb 6yTM 3apaxoBaHi 3aMiCTb OLiHKA 3 NEBHOIO
BMAOY NOTOYHOIrO KOHTPOIHO;

— Y pasi, aKkwo 3g06yBay OCBiTM peanidyBaB NeBHWA BUA HayKoBOl poboTn (Teawu,
cTaTTda, pe3ynbTaTMBHA Yy4vacTb Yy CTYAEHTCbKiM oniMniagi Towo), TO Yy MOpsaaky,
BM3HayeHoMmy [lonOXeHHAM NpO BM3HAHHA pe3ynbTaTiB  HaBYaHHA, HabyTux y
HedpopManbHin/iHpopManbHin ~ OCBITI HopMaTuBHIi _ [OKYMEHTH : Polytechnic
(metinvest.university), Taki pesynstaTn MOXyTb OyTn 3apaxoBaHi 3amiCTb OLHK/ 3 MEBHOrO
BMAOY NOTOYHOro abo HaBiTb NiACYMKOBOIO KOHTPOJIHO.
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6 AKAOEMIYHI NONITUKHU

Ak uneH cninbHOTM TexHiyHoro yHiBepcutety «METIHBECT TMOJIITEXHIKA» Bwu
MaeTe JOTPUMYyBaTUCA NEBHUX CTaHL4APTIB Ta akageMivyHOl NOMiTUKK:

— AkademiyHa HedobpouyecHicmb BWUINSAi akagemiyHoro nnariaty; dabpukadii;
danbcudikauii; cnmcyBaHHs obmaHy; xabapHuuTBa; He06 EKTUBHOIO OLiIHIOBAHHS; HA4AaHHSA
3gobyBayamMm OCBITM Mig Yac MNPOXOMAXKEHHS HUMW OUHIOBaHHS pe3ynbTaTiB HaBYaHHS
AOMOMOTM Y CTBOPEHHSI Mepewlkod, He nepepbayveHnx ymoBamu Ta/abo npouenypamm
NPOXOMAKEHHSA TAKOro OLiHIOBaHHSA; BNNUBY Yy Oyab-AKin opMi (MpOXaHHS, YMOBRSIHHA,
BKasiBKa, norposa, MpuMyLLUyBaHHS TOLLO) Ha neparoriYyHoro (HaykoBO-negarori4yHoro)
npauiBHMKa 3 METOK 34iINCHEHHSI HUM HEOO’ EKTUBHOMO OLiHIOBAHHA pe3ynbTaTiB HaBYaHHS
— npsiMmo 3abopoHeHO (goknagHiwe npo ue — y MNonoxeHHi npo akagemMivyHy Ao6poYvecHiCTb
3gobyBaviB BULLOI OCBITM Ta HaykoBo-negaroriyHux npadisHukis TOB TEXHIYHOIMO
YHIBEPCUTETY «METIHBECT TMOJITEXHIKA»); i B pasi BuaBneHHs — eidnoeidHul
3axi0 KOHmMpoJso (KOHMpPosibHy Mo4Ky) 6yde ouiHeHo 8 0 6anie 3a 3 HacCMynHUM
noeidomsieHHsIM OekaHy @hpaKysibmemy ma 2o0Js108i Komicii 3 akadeMivyHoi
dobpoyecHocmi YHieepcumemy.

— B pasi Bunagky HagaHHA 3g00yBadyam OCBITM Mig 4Yac MPOXOMKEHHS HUMMU
OLiHIOBaHHSA pe3ynbTaTtiB HaBYaHHS JONOMOIM Yn CTBOPEHHS NepeLuko, He nepeabayvyeHnx
ymoBamMun Ta/abo npouedypamMu NPOXOMKEHHS Takoro OUiHIOBaHHA; BNIvBY Yy Oyab-AKin
dopmi (NpoxaHHs1, YMOBISIHHS, BKasiBKka, Norpo3a, NpuMyLlyBaHHS TOLWO) Ha negaroriyHoro
(HaykoBo-reparoriyHoro) npauiBHMKa 3 METOK  3[INCHEHHA HWUM  Heob eKTUBHOrO
OLiHIOBaHHA pe3ynbTaTiB HAaBYaHHA CTYOEHT MOXEe OCKapXuTu npouenypy OLUiHIOBaHHS 3a
npoueaypamn, nepeabadeHnmMu [lofIOXKEHHAM NpPO OpraHisauito OCBITHbOro npouecy
(po3gin 10).

— Martepiann B pamkax Kypcy, 3axulieHi aBTOPCbKMM MNpaBOM, MOXyTb OyTu
BUKOPUCTaHI nuwle Tinbku 3gobyBayamm OCBITU, SKUM NPU3HAYEHO JaHW Kypce | Ans uinen,
NoB'A3aHNX 3 LM KypCOM i HE MOXYTb MOLUNPIOBATUCS.

— CninkyBaHHA 3 OOHOKYPCHMKaMM Ta BuKnagadem Mmae 6yt npodecivHum Ta
BBIYSIMBUM.

— OuikyeTbeq, Wwo Bu nepesipsiTumeTe BCi Bali NMCbMOBI NOBIJOMMNEHHS, BKIIOYAKOUK
MOLUTOBI NOBIQOMMNEHHS Ta NoBigoMneHHss y MS Teams Ha KOPEKTHICTb 3MICTy Ta MOBW.

— BukopuctanHa LWI He 3abopoHeHe, pa3oM 3 TUM, BOHO Mae€ 34ilNCHIOBaTUCA
BiANOBIAANbHO i 3 ypaxyBaHHAM «KMBUX» MNOMITUK LWOA0 BUKOpUCTaHHA LI B YHiBepcuTeTi:
CTYLEHT BignoBigae 3a NOBHOTY, BipPOrigHICTb iHbopMaLil, aka Oyna sareHepoBaHa/3HangeHa
3 BMKOPWUCTAHHAM BESIMKUX MOBHUX MoAeNen, 3gaTtHuM igeHTudpikysaTu y Bignosigi, sika
YacTuHa iHopmauii oTpuMaHa 3 BUKOpPUCTaHHAM TexHonorin LW, a wo € noro BnacHum
3006yTKOM/NO3NLEH.

— YHiBepcuTeT nparHe niaTpymyBaTu cepeaoBulle, BiflbHe Big AMCKpuMiHauii abo
ANCKPUMIHaLUINHMX AOMaraHb, CNpsIMOBaHUX Ha Byab-aKy NoAnHy abo rpyny B Mexax CBOEl
CninbHOTK - 3000yBaYiB OCBITH, CniBPOOITHUKIB abo BigBiayBaYiB.

[oknagHiwe Npo akagemiyHi NoniTMKM CTOCOBHO €TUYHOCTI NMOBEAIHKW, akageMidHol
pobpoyecHOCTi Ta npotuaito OyniHry MOXHa AidHaTMCA 3a NocuUnaHHAM: AKageMidHi
nonitmkn - Polytechnic (metinvest.university)
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